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Abstract

This study examines the promises and limitations of Artificial Intelligence in the field of literary analysis by
applying Natural Language Processing tools to selected passages from Chinua Achebe’s Things Fall Apart. 1t
focuses particularly on sentiment and emotion detection systems and evaluates how effectively such tools interpret
complex literary language shaped by culture, character psychology, and narrative context. By analysing key
excerpts involving the character of Okonkwo, the study compares automated emotional readings with close human
literary interpretation. The findings reveal noticeable inconsistencies between algorithmic outputs and contextual
meaning, especially where cultural references, figurative language, and character temperament are involved.
While AI systems successfully identify surface-level emotional patterns in some instances, they frequently
misinterpret deeper narrative cues, symbolic references, and culturally embedded expressions. The study argues
that literary meaning is not solely contained in words but in the beliefs, contexts, and interpretive frameworks that
surround them. It highlights the challenges of training Al models to understand culturally specific narratives and
demonstrates that without contextual learning, such systems risk oversimplifying or distorting literary meaning.
Ultimately, the study positions Al as a supportive analytical aid rather than a replacement for human literary
judgment.

Keywords - English literature, artificial intelligence, literary studies, education, humanities, technology, natural
language processing.

Introduction

In an age shaped by intelligent machines like self-driving vehicles, automated buildings, drones, voice-controlled
systems, collectively the digital environment has become deeply integrated into everyday life. As artificial
intelligence continues to guide how people communicate, travel, and work, it is increasingly compelling to
consider what this technology might offer to the study of literature. The same algorithms and neural networks that
allow machines to learn from complex and uncertain data may also provide new tools for examining the emotional
and psychological depth of literary characters and narratives. Modern life is influenced by systems that rely on
detailed instructions, pattern recognition, and predictive modelling. These systems are designed to detect
relationships within large amounts of data and to produce meaningful outcomes from complex inputs. When
applied to literature, similar computational procedures can assist scholars in identifying patterns of emotion, tone,
and behaviour across large collections of texts. Because algorithms can recognize recurring features of human
expression, they may support literary critics in exploring how emotions and sentiments are expressed through
language. The development of intelligent voice assistants and natural language systems has made interaction with
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digital tools more intuitive. Programs that understand spoken or written language allow researchers to
communicate with machines in ordinary human speech. A literary scholar interested in themes such as fatherhood
in African fiction, for instance, can rely on such systems to quickly locate relevant texts. Instead of manually
searching through large databases or online sources, the scholar can request a digital assistant to identify novels
that portray absent fathers, narrow the search by cause or circumstance, and present a list of works for further
study. This process saves time and allows attention to shift from preliminary searching to deeper interpretation.

Beyond selecting texts, artificial intelligence can be trained to analyze language for emotional and psychological
cues. With sufficient training data and careful design, machines can be programmed to recognize the social and
cultural meanings embedded in words. They can be taught to detect the atmosphere of a scene, the emotional tone
of a character’s speech, or the mood created by a narrative passage. While machines cannot replicate the full depth
of human understanding, they may assist human scholars by highlighting patterns that would otherwise remain
unnoticed in large volumes of text. This possibility raises both opportunities and concerns. On the one hand, Al-
based tools promise to improve efficiency and broaden the scope of literary analysis. On the other hand, there is
a risk that literary interpretation might be reduced to mechanical processing. Literature is not a mathematical
exercise, and its meaning cannot be fully captured through numerical outputs or automated classification. The
idea of applying computational methods to creative texts can seem unsettling to scholars who value the interpretive
freedom and imaginative engagement central to literary study. Yet carefully designed algorithms can function as
aids rather than replacements, offering new perspectives while leaving interpretive judgment in human hands.

One practical way to explore this potential is through the use of application programming interfaces designed for
natural language processing. These interfaces allow software systems to analyze written language and
communicate results to users. Tools focused on sentiment analysis and emotion detection are particularly relevant
to literary study because they assess the emotional tone of text. Sentiment analysis typically classifies passages as
expressing positive, negative, or neutral attitudes, while emotion detection attempts to identify feelings such as
joy, sadness, anger, fear, surprise or disgust. When applied to a culturally rich novel such as Chinua Achebe’s
Things Fall Apart, these tools can be used to test how well artificial intelligence recognizes meaning in language
filled with symbolism, proverbs, and cultural references. The fictional community of Umuofia is shaped by Igbo
traditions, and much of the novel’s meaning depends on cultural context and indirect expression. By feeding
selected passages into sentiment and emotion analysis systems, scholars can observe how accurately these tools
interpret tone and mood. The results provide insight into both the strengths and limitations of Al in handling texts
that depend heavily on cultural nuance. Such experiments reveal that Al can identify surface-level emotional
patterns but often struggles with deeper layers of meaning. Symbolism, irony, and culturally specific expressions
may confuse automated systems that rely on statistical patterns rather than lived understanding. This limitation
highlights the importance of human interpretation in literary analysis. Artificial intelligence may assist in
identifying tendencies and drawing attention to emotional shifts, but it cannot replace the critic’s awareness of
historical, cultural, and social context. At the same time, these tools demonstrate that literary analysis can benefit
from digital support. By processing large volumes of text quickly, Al allows scholars to examine patterns across
the entire corpora rather than focusing on isolated passages. It opens possibilities for comparative studies, thematic
mapping, and large-scale analysis that would be difficult to conduct manually. In this way, computational methods
can complement traditional close reading rather than undermine it. The integration of artificial intelligence into
literary studies therefore represents a frontier where technology and human interpretation meet.

The Struggle to Preserve Meaningful Learning

Across universities, humanities scholars are being urged to redesign courses and programs in response to national
reforms that prioritize employability, industry alignment, and technological readiness. These changes are often
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justified by fears of job scarcity in an automated future and by the persistent belief that the humanities are
disconnected from practical life. Yet this assumption overlooks a crucial irony: many of the advances now
celebrated under the banner of artificial intelligence depend heavily on knowledge, texts, languages, and cultural
archives produced and preserved by the humanities and social sciences. Public discussion frequently presents the
rise of Al as an evolutionary pressure to which academic disciplines must adapt or become obsolete. This narrative
encourages universities to dissolve traditional boundaries between scholarship and industry in ways that threaten
the very knowledge systems that made such technological developments possible. New undergraduate degrees are
being designed with short-term employment goals, emphasizing work placements, microcredentials, flexible
course structures, and expanded digital literacy training. Among these additions is the promotion of supposed Al
skills, such as prompt engineering, as essential competencies for the future. While these reforms promise to
improve the status of the humanities, they risk reducing complex forms of learning to marketable outputs and
substituting administrative flexibility for genuine interdisciplinarity.

Humanistic learning has always been interpretive, reflective, and process-oriented. It resists the transactional
language of outcomes and deliverables that now dominates higher education policy. Those who have experienced
previous waves of educational reform recognize that the rhetoric of interdisciplinarity often serves managerial
convenience rather than intellectual integration. In the present climate of funding cuts, rising student fees for
humanities degrees, and shrinking academic positions, hopes are increasingly placed on the idea that Al literacy
will rescue the humanities from long-standing neglect. The difficulties faced by universities are evident at the
level of curriculum, where the dominant message has become a simple directive: embrace Al. At the same time,
students and staff are experiencing fatigue, and governments have shown limited sustained commitment to public
higher education. The marketing of degrees now routinely highlights critical thinking as a selling point, and Al
literacy is being added to this list, sometimes reframed as “critical Al literacy.” Yet little clarity exists about how
this new learning outcome relates to established intellectual practices or how it should be assessed. The vocational
pressures shaping these reforms have already led to widespread program cuts and standardized course offerings,
narrowing the diversity of academic inquiry.

For decades, humanities scholars have resisted the marketization of education, aware that the value of studying
literature, philosophy, or history cannot be reduced to immediate job prospects. Graduates of these disciplines are
valued for their capacity to learn, adapt, and think creatively in roles that cannot be predicted in advance.
Ironically, constant talk of “jobs of the future” makes the idea of being “job ready” increasingly incoherent. At
the same time, uncertainty surrounds the meaning of Al literacy. It remains unclear whether it is meant to serve
citizens seeking to understand technology, consumers encouraged to adopt it, or institutions eager to accelerate
its use. Growing concern exists that the push for digital literacy may be undermining academic literacy. The speed
of information retrieval and automated decision-making is being privileged over the slower, effortful work of
reading, reflecting, and forming independent judgments. Practices that require sustained attention, such as reading
books or composing essays, are increasingly seen as inefficient. Students are encouraged to use chatbots as aids
for brainstorming and drafting, even as questions remain about whether literacy is an appropriate term for
technologies that perform reading and writing on behalf of users. The phenomenon known as cognitive offloading
highlights the risk that reliance on such tools may weaken the very skills education is meant to develop.

The central role of essay writing in humanities education illustrates this tension. Writing essays involves a
complex set of intellectual activities: interpreting texts, forming arguments, weighing evidence, and developing a
voice. These activities require friction, uncertainty, and effort. The promise of Al to remove this friction risks
undermining the educational value of the process itself. As artificial texts proliferate, distinguishing between
human and machine-generated writing becomes increasingly difficult, raising new ethical questions about
authorship and responsibility. Teaching students to engage ethically with Al cannot bypass the foundational
practices of close reading and critical thinking that define the humanities. Although some anticipate a future in
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which Al is seamlessly integrated into teaching, that moment has not yet arrived. Presently, students receive
contradictory messages: they are told to prepare for Al-driven workplaces while being warned against using Al
in assessments. Suggestions to return to non-digital forms of evaluation are often dismissed as regressive, based
on the assumption that education must adapt to Al rather than the other way around. This situation reflects a
broader pattern in which social institutions reorganize themselves to accommodate technological systems, even
when doing so compromises their core purposes. The persistence of traditional assessment methods may, in fact,
offer protection against the erosion of learning. Many educators remain skeptical of claims that Al will
dramatically improve teaching outcomes. There is little evidence that reliance on chatbots fosters genuine
understanding, and increasing signs suggest that overuse may weaken students’ ability to develop arguments and
evaluate information critically. Concerns also extend to the homogenizing effects of Al-generated language in
public discourse, where formulaic and bureaucratic tones are becoming more common.

The question “why write at all?”” has become newly urgent. Writing is not merely a method of communication but
a way of thinking. When machines perform writing tasks, the cognitive and reflective dimensions of writing risk
being lost. Recovering the contexts and purposes of writing in the classroom becomes a form of resistance against
uncritical technological adoption. Literary scholars have long understood that reading and writing are themselves
technologies shaped by historical change. Recognizing this history helps demystify Al and situate it within a
broader tradition of attempts to quantify and systematize language. Historical perspectives also reveal that efforts
to analyze literature computationally are not new. Early critics attempted to categorize imagery and patterns in
texts long before digital methods existed. This lineage shows that machine learning is less an unprecedented rival
to human interpretation than a continuation of older quantitative approaches. At the same time, literary traditions
remind us that meaning, irony, voice, and context cannot be fully captured by statistical pattern matching. Creative
writing pedagogy offers further insights. Place-based and embodied approaches to writing emphasize context,
memory, and lived experience, elements that Al cannot reproduce. Such pedagogies encourage students to engage
with their surroundings, histories, and identities, countering the placelessness of automated text generation. These
practices also highlight how Al systems can flatten cultural differences and reproduce dominant norms, especially
when trained on biased data.

Philosophical reflections on information theory further clarify the limits of Al Foundational work in
communication theory deliberately separated meaning from signal transmission, a separation that underlies
contemporary machine learning. While this approach is effective for engineering purposes, it does not account for
the embodied, emotional, and relational dimensions of human understanding. Literary language, with its rhythm,
ambiguity, and responsiveness to context, demonstrates forms of expression that exceed computational modeling.
The difficulty Al systems have with irony illustrates this gap. Irony often depends on what is unsaid, on social
cues, and on shared understandings that cannot be reduced to explicit patterns. The long intellectual history of
irony, from classical philosophy through modern literary theory, shows that it plays a central role in human self-
understanding and social life. Attempts to program irony into machines expose the limits of purely calculative
models of intelligence. Alternative histories of Al also challenge the dominant narrative of technological
inevitability. Postwar experiments in computational art and literature explored the creative and democratic
possibilities of machine processes rather than their use for simulation and control. These experiments remind us
that technology can be appropriated in ways that expand rather than restrict human expression. The current
disruption caused by Al in education is therefore not simply a technical issue but a profound intellectual and
cultural challenge. It raises questions about what it means to learn, to write, to think, and to participate in a
community of inquiry. The humanities, with their long experience in interpretation, critique, and reflection, are
uniquely positioned to address these questions. Rather than uncritically embracing Al as a solution to institutional
problems, universities may need to reassert the value of the slow, demanding, and deeply human practices that
define humanistic education.
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Testing the Limits of Al in Literary Studies

To understand both the promise and the difficulty of using artificial intelligence in literary studies, various natural
language processing tools can be examined, including those designed for keyword detection, topic tagging, text
classification, sentiment analysis, text similarity, and emotion recognition. Among these, sentiment and emotion
analysis tools are especially relevant to literary interpretation because they attempt to measure the emotional tone
of a passage and the feelings expressed by characters. When applied to selected passages from Chinua Achebe’s
Things Fall Apart, these tools offer a useful way to assess how accurately Al systems can interpret the emotional
and cultural layers of a literary text. In one passage, a father sternly addresses his son and another boy, speaking
about farming, manliness, and responsibility. His words are filled with frustration, disappointment, and suppressed
anger as he expresses his desire for his son to grow into a strong and respected member of the clan. The language
contains threats, references to cultural symbols, and emotionally charged expressions. When this passage is
processed through sentiment and emotion analysis software, the results are inconsistent. One system labels the
overall tone as negative while still detecting traces of joy, sadness and disgust. Another system classifies the
passage as neutral and identifies joy as the primary emotion.

A careful reading of the scene makes it clear that these conclusions are inaccurate. The speaker, Okonkwo, is a
character known for his volatile temper and rigid ideas of masculinity. His speech is not neutral, nor does it convey
joy. Instead, it reveals disappointment with his son and growing anger over what he sees as weakness. His threat
to invoke a deity associated with thunder and destruction intensifies the emotional force of the moment. The
reference to this deity is deeply rooted in Igbo cosmology and carries connotations of fear and punishment. For a
human reader familiar with the cultural background, the emotional atmosphere of the scene is unmistakably tense
and hostile. The difficulty for Al lies in understanding such cultural references. A machine trained primarily on
general language data may not recognize that invoking a thunder god in this context signals a threat rather than a
casual remark. This limitation highlights one of the core challenges of applying artificial intelligence to literature:
algorithms interpret words based on patterns in data, but literature often depends on context, symbolism, and
cultural knowledge that cannot be easily reduced to patterns. For Al to interpret such passages correctly, it would
require extensive training in the cultural and historical meanings embedded in the language of the text. Literary
interpretation depends not only on the words themselves but also on the beliefs, values, and worldviews that
surround those words. Meaning is shaped by context. When this context is missing, automated analysis can
misread tone and emotion. The result is a mechanical assessment that may overlook the deeper intentions behind
a character’s speech. This problem becomes more evident in another passage where Okonkwo reacts violently
after discovering that leaves have been cut from a banana tree in his compound.

In this second scene, the language is filled with accusation and tension. Okonkwo demands to know who is
responsible, and his rage quickly turns into physical violence against his wife. Some Al systems correctly identify
the overall negative tone of the passage and detect emotions such as sadness, fear, and anger. However, traces of
joy still appear in the analysis, which contradicts the clear emotional reality of the scene. The atmosphere is one
of fear and aggression not happiness. The context of this event further clarifies the emotional situation. The
incident occurs during a festive period meant for celebration and relaxation. Instead of enjoying the communal
mood, Okonkwo feels restless and irritated. His inability to relax during a time of joy contributes to his anger.
Without understanding this cultural and narrative background, an Al system may misinterpret words that appear
positive in isolation but carry very different meanings within the scene. These examples show that artificial
intelligence is not infallible in literary analysis. While such tools are built on advanced learning systems and deep
data processing, they still rely on pre-trained models that may not suit the complexities of literary texts from
diverse cultural traditions. Applying general-purpose language tools to culturally rich literature often produces
unsatisfactory results because the tools are not designed with these specific contexts in mind.
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The challenge becomes even greater when considering the training required for Al to handle literature from
different genres, cultures, and historical periods. Literary scholars may not possess the technical expertise needed
to retrain algorithms for each context. This gap between computational design and literary knowledge creates a
practical barrier to the effective use of Al in the humanities. Attempts have been made to design artificial systems
capable of creative storytelling, raising questions about whether machines can imitate the imaginative and
psychological depth found in literature. Yet creativity involves more than arranging words into patterns. It requires
sensitivity to human experience, emotional nuance, and cultural meaning. Al systems are usually designed to
perform specific tasks efficiently, while human literary scholars interpret texts through a broad understanding of
history, society, and psychology. Despite these limitations, algorithms still offer useful support in textual analysis.
Sentiment and emotion tools can highlight patterns and suggest areas of interest for further study. They can serve
as aids that guide attention rather than as final judges of meaning. For such tools to become more reliable, they
must be trained to recognize not only linguistic patterns but also the cultural and narrative contexts in which those
patterns appear. It is worth noting that while Al can assist literary interpretation, it cannot replace the careful
reading and contextual understanding provided by human scholars. Literature speaks through layers of meaning
that extend beyond words into history, belief, and lived experience. Artificial intelligence can help navigate large
amounts of text, but the responsibility for true interpretation remains with the human reader who can grasp the
subtleties of emotion, culture and intention embedded in literary language.

Conclusion

The exploration of Artificial Intelligence in literary analysis reveals both its potential and its limitations. The use
of sentiment and emotion analysis tools on excerpts from Things Fall Apart demonstrates that while Al can
process textual data rapidly and identify certain emotional markers, it struggles to interpret literature in ways that
account for cultural depth, narrative context, and character psychology. The case of Okonkwo shows that
emotional meaning in literature is often embedded in cultural symbolism, social expectations, and personal
temperament, elements that cannot be accurately understood through keyword-based or statistically trained
systems alone. The discrepancies observed between automated outputs and contextual literary interpretation
emphasize the central role of human understanding in literary studies. Literary interpretation depends not only on
the text itself but also on shared beliefs, historical awareness, and cultural knowledge. Al tools, unless extensively
trained within these frameworks, tend to reduce complex emotions to simplified categories that may misrepresent
the author’s intent and the narrative’s emotional landscape.
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